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AI: Skepticism to Reality
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It happened faster than anyone thought
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LLM Inference Market
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[1] Bloomberg forecast of Inference market

Ø LLM Inference revenue 
growth > 3x for 2 
consecutive years. 

Ø Bloomberg Intelligence : 
Generative AI  inference 
market should grow beyond 
1 Trillion by 2032 (32% 
CAGR). 

Capturing this market isn't just about 
model quality  — it's about serving 

economics. 

At $1.3T scale, the winners will be whoever 
can serve tokens cheaper and faster than 

the rest.
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https://www.bloomberg.com/company/press/generative-ai-market-poised-to-reach-2-3-trillion-by-2032-as-agentic-systems-proliferate-and-infrastructure-demand-surges-according-to-bloomberg-intelligence/


Inference is not monolithic
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Inference is not one computation — at several levels we see opposite hardware demands.
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Different Hardware designs
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Opposite strengths — neither chip dominates.



The Latency Equations
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The Latency Equations

8/19/26 d-Matrix  |  MUG '26 9



The Latency Equations
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The Latency Equations
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Below batch 150, Corsair wins on bandwidth. Above it, B200's raw compute takes over.



Disaggregated Inference 
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We just gave every phase, every model, every layer its perfect chip. Did we miss anything?



Disaggregated Inference Overheads 
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Disaggregation isn't free — every split has associated communication overheads.

Ø Prefill → Decode: the entire KV 
cache moves, once per request.

Ø Draft → Target: 5-20 draft tokens 
per batch cross every single 
decoding step.

Ø Attention ↔ Experts: only ~1 
token per batch item — but at 
every layer, every step.



Communication for Disaggregation
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Interconnect Bandwidth and latency can become significant for some workloads, making disaggregation infeasible.



Prefill-Decode Disaggregation
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KV Cache transfer required for Prefill-Decode Disaggregation.



Prefill-Decode Disaggregation : Results
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KV cache handoff is cheaper than processing prefill on Corsair

Ø Prefill being 
compute bound is 
>1.5x better on 
GPU. 

Ø Disaggregation 
requires KV 
communication. 

Ø B200 Prefill + KV 
cache 
communication 
faster than 
Corsair prefill



Prefill-Decode Disaggregation: Results
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Prefill-Decode disaggregation achieves TTFT of GPU and TPOT of Corsair at marginal KV cache communication.

Ø Decode being 
memory bound, 
achieve much 
superior 
performance on 
Corsair. 

Ø We see >4.8x 
better TPOT.  
TPOT improves 
with increase in 
context as the KV 
cache size 
increases. 



Prefill-Decode Disaggregation: Results
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KV Cache moved per request – Network Bandwidth sensitive.



Speculative Decoding
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Speculative Decoding Blog: https://gimletlabs.ai/blog/low-latency-spec-decode-corsair



Speculative Decoding: Result 
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Speculative Decoding Blog: https://gimletlabs.ai/blog/low-latency-spec-decode-corsair
Ø PD baseline : Increasing 

TPS/KW sharply drops 
Interactivity. 

Ø Spec-dec GPU only improves 
the curve but Interactivity 
limited to 550 Tok/s/User.

Ø  Spec-dec with Corsair improve 
Interactivity to 1250 
Tok/s/User while maintaining 
high TPS/KW for wide range of 
interactivity. 

Ø At 60K TPS/KW Corsair spec-
dec has 4x Superior 
interactivity over GPU spec-
dec



Speculative Decoding: Result 
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Draft token ids moved per speculation step– Network Latency sensitive.



AFD for MoEs
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ISCA paper: https://ieeexplore.ieee.org/abstract/document/11617716

https://ieeexplore.ieee.org/abstract/document/11617716


AFD Results
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Ø GPU-only AFD hits an efficiency 
ceiling near 2.9K tok/s/kW, and 
interactivity collapses past ~1,500 
tok/s/user.

Ø Moving only the experts to Corsair 
lifts the whole frontier — experts 
stream 19 GB per token-step; they 
are the bandwidth problem.

Ø  All-Corsair tops the chart: up to ~10K 
tok/s/kW and ~3,050 tok/s/user, 
on 9.6 kW vs 33.6 kW for the all-GPU 
config.

Ø At the GPU's best-ever efficiency, 
Corsair experts hold that same 
efficiency out to ~2,100 tok/s/user — 
interactivity the GPU config never 
reaches at any batch.



AFD Results
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Improved Network Latency improves Interactivity  and Network Bandwithd improves TPS/KW



Workload dependent Network requirements
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The Industry moving towards Disaggregation
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Thank You
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